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Student Name : Yo-Chen Huang Advisor Name : Jeng-Wei Lin
Abstract : Epilepsy is a cerebral cortical cells abnormal discharge caused by a symptom.
EEG is a cheap and effective tool to observe epilepsy. In this study, we use the empirical
mode decompositionto brain waves in epileptic patients was observed to be broken
down into a number of nature mode function, extracted from various IMF out energy
and standard deviation (SD) two features, with the genetic algorithm for feature
selection, via a linear discriminant method to classify. Experimental results show that
our method can effectively distinguish Normal, Spike and Seizure three different types
of brain wave shape.
The results showed that the use of Genetic Algorithms with linear discriminant
classification method, accuracy brainwave pattern can reach Normal 97.4%, Spike

84.6%, Seizure 95.6%.

Keywords : Electroencephalography - Epilepsy - Genetic Algorithms - Empirical
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® 3-4 Epileptic EEG classification
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