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1 16 11 21 23 9 41

2 12 9 *** 16 8 22

3 *** 9 *** 29 13 ***

4 9 7 *** 14 7 24

5 10 9 *** 21 7 17

6 13 8 *** 10 14 24

7 14 8 *** 9 8 20

8 16 10 17 12 7 20

9 11 5 *** 14 8 27

10 17 13 *** 12 9 22

�� 13.11 8.89 14.56 8.56 24.11

Deterministic Stochastic
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Abstract 

 The most research in man-machine 
system are designed in giving the 
supreme decision privilege to the human 
(operator) or the machine. Since the 
status of the problem is varied, in this 
research, we have developed a 
man-machine-balanced cooperated 
design. The supreme decision privilege 
is shifted between man and machine 
dynamically according to the 
performance of the man-machine system 
as a whole.  

Key words: Man-Machine, 
network-based rule representation, 
Q-learning, certainty factor 



 


