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(Constraint Satisfaction
Problems ; CSP)

Abstract

Genetic Algorithm (GA) is an effective and
sound searching method which has been widely used
in artificial intelligence research and some industries
applications. However, it is more difficult in finding
out the right representation than the good answers.
Constraint Satisfaction is a very power way in
representing the problems. Thus, many rea life
industrial problems could be represented as a kind of
Constraint Satisfaction Problem (CSP). Although GA
is good in using multiple searchs to find out the
“good” solution. However, it effectiveness and the
efficiency is based on the randomness and greedy
method. The merit of CSP is due to its constraint
propagation. That is the solution space is truncated by
the posted constraints. However, it is suffering by the
poor search strategy.

In this research, we proposed a CSP based
representation combined with the dual graph and
uniform crossover method. In the preliminary study, it

is very promising in limiting the search of GA in the
partial-feasible solution space than the whole state
space. The quality of the solutions could be enhanced
and the time in finding them could be decreased
effectively aswell.
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21 18 8 | ... 23 18
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1 2 3 ... 52 53
17 18 23 | .. 23 15
1 2 3 ... 52, 53
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ID

1 25 1 18 913.9

2 49 27 456.4

3 44 35 818.1
22 15 20 46 873.3
23 14 22 9 805.9
24 51 52 216.4
25 50 28 216.4
26 48 30 235

27 16 5 768.9
28 12 7 768.9
29 45 32 812.2
30 37 23 805.9
31 24 41 804

32 43 40 864.4
33 39 2 808.4
34 29 47 859.5
35 33 17 815.2
36 3 13 767

37 31 19 767

38 26 42 38 903.7
39 6 21 53 853.2
40 8 3H# 820
41 4 10 36 11 954.8
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38 523 (o1) (14) 08:35 15:42 (12)| 406.1
39 524 (14) (04) 11:45 19:05 (11| 3820
40 527 (03) (14) 09:59 16:35 (12)| 3854
41 531 (03) (14) 11:29 18:42 (11)| 3835
42 532 (14) (o1) 13:45 21:50 (11| 4042
43 536 (15) (o1) 13:47 21:30 12)| 4307
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51 F544 (14) 12 17:15 19:02 (10)| 1082
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