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Abstract

This research proposed a systemic method to construct the clinical path and using data
mining approach to develop the associated treatments for the disease. We adopted a new similar
standard in clustering analysis on the clustering mechanism. In this way, the time consumed in
constructing clinical path will be reduced. Develop appropriate treatments with patient and offer
the blueprint for the medi-cares while constructing the clinical path. According to the patient's
feature, we differentiate the treatment category offers blueprint to doctor while deciding clinical
path by support vector machine. This research chooses “Caesarian operation” and “Pneumonia of
Pediatrics” to verify the researchable mechanism. Using the mechanism to cluster patient's
feature and treatment’s feature individually, then mapping two clusters and constructing support
vector machine by patient’s feature. The result shows that there is good performance in two kinds
of diseases.

Keyword: Global Budgeting, Clinical Pathway, Cluster Method, ROCK, Support Vector
Machine
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3.4 ROCK

ROCK Robust clustering Algorithm for Categorical Attributes

ROCK connectivity G G g(C,C;) (1) 2
G G Guhay  Rastogi and Shim 1999
link[C,,C,]
g(C,v,Cf): (n,- +n.)1+2/(9) _n}+2f<ﬁ) YT 1)
link
=3 3 @
Ci Cj llnk[Ci,Cj] Ci Cj
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1.
neighbors Jaccard
ANB
sim(A4,B) = :ACB} 3)
0=0.5 A={a,c,d} B={a,b,d,e} C={a,c,d, e} D={a,c,e}
Jaccard

sim(4,B)=|AN B|/|A4UB|=2/5=04<05
sim(A4,C)=|4NC|/|[4uC|=3/4=0.75>0.5
sim(A4,D)=|AND|/|4uD|=2/4=05=0.5
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sim(C,D)=|C " D|/|CuD|=3/4=0.75>0.5
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2. link Di, Dj n
links(p;, pj)=n
1
link(4,B)=2  link(4,C)=1 link(4,D)=1
link(B,C)=1 link(B,D)=1 link(C,D)=2
3. goodness measure C
(1)
if k=3
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SVM risk minimization

empirical risk minimization
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i=1

4 o bz X,
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Support vector  hyperplane 1/ hyperplane
SVM margin =2/ hyperplane hyperplane
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1. LIBSVM

LIBSVM
[label] [index1]:[valuel] [index2]:[value2] ...
[label] [index1]:[valuel] [index2]:[value2] ...
label class
Index
value
11:02:53:3 1 0
5 3

2. LIBSVM

svmtrain
train "Model" model
SVM predict model
Model :

-s svm_type : set type of SVM
0--C-SVC
I --nu-SVC
2 -- one-class SVM
3 -- epsilon-SVR
4 --nu-SVR
-t kernel type : set type of kernel function
0 -- linear: u"*v
1 -- polynomial
2 -- radial basis function
3 -- sigmoid
-d degree : set degree in kernel function
-g gamma : set gamma in kernel function
-1 coef0 : set coef0 in kernel function
-c cost : set the parameter C of C-SVC, epsilon-SVR, and nu-SVR
-n nu : set the parameter nu of nu-SVC, one-class SVM, and nu-SVR
-p epsilon : set the epsilon in loss function of epsilon-SVR
-m cachesize : set cache memory size in MB
-e epsilon : set tolerance of termination criterion
-h shrinking: whether to use the shrinking heuristics, 0 or 1
-b probability estimates: whether to train a SVC or SVR model for probability estimates, 0
or 1
-wi weight: set the parameter C of class i to weight*C, for C-SVC

Model
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svmtrain
svmpredict
3. LIBSVM
MATLAB
Model
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749
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predict
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PF 1> TF 3 2 0.4%
PF2> TF | 5 100% *
PF 3> TF2 1 100% *
PF 4> TF 2 1 100% *
PF 5> TF 2 1 100% *
PF 6> TF 3 1 100% *
PF 7> TF 2 1 100% *
PF 8-> TF 2 1 100% *
PF TF
5.2.3 SVM
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SVM 335
SVM SVM
-s svm_type : C-SVC
-t kernel type : radial basis function
-d degree : 3
-g gamma : 1/6
-ccost : 1
-m cachesize : 40
-e epsilon : 0.001
-h shrinking: 1

-wi weight: 1
749 SVM 3
Accuracy = 99.733% (747/749) ( )
Accuracy = 99.20% (247/249) ( )
747 99.733% 115
210 115 210
1
2 1 2 1

BREVIBLOC100MG/VIAL 1 2
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143 48 21 117 39 17

74.9% 89% 88% 79% 90% 84.3%
0.1, 0.9, 0.7, 2
35 48
5.3.3 SVM
600 SVM MATLAB
LIBSVM

[label] [index1]:[valuel] [index2]:[value?] ...
2 F1:485 F2:5601 F3:53270 F4:5937

3 F1:486 F2:769 F3:76518 F4:7721

2 F1:481 F2:5130 F3:5119 F4:4928 F5:690

1 F1:485 F2:3829 F3:59010 F4:2765 F5:6910

SVM 335
SVM SVM
-s svm_type : C-SVC
-t kernel type : radial basis function
-d degree : 3
-g gamma : 1/5
-c cost: 1
-m cachesize : 40
-e epsilon : 0.001
-h shrinking: 1

-wi weight: 1
901 SVM
Accuracy = 99.667% (898/901) ( )
Accuracy = 99.336% (299/301) ( )
898 99.667% 108
272 729 108 15 22
17 19 Secorine
Syrup 120ml/BT  PRISIC 5mg/T Anti-Phen Syrup 24mg/ml 60ml/BT
Secorine Syrup 120ml/BT PRISIC 5mg/T Anti-Phen
Syrup
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