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Abstract

In this paper we research the mutual semantic relationship between terms via term
concepts. We collect Chinese synonyms for building a synonyms thesaurus, and anayze
documents with information retrieval tech like Chinese word tagging, natural language
processing NLP , query processing, index constructing, etc. and build a semantic based
document retrieval system.. It not only can handle keyword-based query, it can anayze
documents by using lexical dain instead of keyword search to improve the accuracy in
document retrieval. Besides, we evaluate retrieval performance with vector space model.
Finally, we examine the system with document in certain domain and evaluate performance of

the dgorithm with recal and precision degree.

Keyword Information retrieval, Document retrieval, Synset, Similarity comparison.
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Ranking Without synset With synsst
1 0030.txt 0079.txt
2 0054.txt 0054.txt
3 0082.txt 0053.txt
4 0048.txt 0030.txt
5 0034.txt 0009.txt
6 0009.txt 0031.txt
7 0079.txt 0010.txt
8 0031.txt 0097.txt
9 0010.txt 0068.txt
10 0047.txt 0047.txt
1 0053.txt 0048.txt
12 0038.txt 0013.txt
13 0068.txt 0029.txt
14 0011.txt 0100.txt
15 0013.txt 0034.txt
16 0029.txt 0082.txt
17 0039.txt 0052.txt
18 0024.txt 0025.txt
19 0025.txt 0026.txt
20 0026.txt 0058.txt
21 0094.txt 0089.txt
22 0095.txt 0024.txt
23 0099.txt 0094.txt
24 0041.txt 0095.txt
25 0052.txt 0099.txt
26 0058.txt 0041.txt
27 0059.txt 0059.txt
28 0089.txt 0016.txt
29 0002.txt 0061txt
30 0097.txt 0027.txt
31 0100.txt 0030.txt

15

100

31



